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: This study developed a 30-m resolution annual cropland dataset spanning 1988-2024 to resolve the

| unstable data quality and high sample acquisition costs in mapping cropland distributions in two

: agricultural regions of the Qinghai-Tibet Plateau (QTP): the Hehuang Valley (HV) and middle basin
of the Yarlung Zangbo River and its two tributaries (the Lhasa and Nianchu rivers; MBYZR and LNR,

. respectively). This dataset was generated using Landsat imagery and training samples derived from

- visual interpretation. An initial classification was conducted using a Random Forest classifier. To ensure
. the stability of training sample quality across time, a sample cleaning approach was applied annually,

- based on spectral consistency constraints, allowing for the temporal extension of samples. The

. dataset demonstrated high classification accuracy, whereas the MBYZR and LNR demonstrated better
¢ classification performance, reflecting strong stability and robustness. Both regions showed favorable

. results regarding precision and recall, validating this approach’s effectiveness in multi-temporal remote
: sensing classification. Therefore, this dataset provides critical support for cropland monitoring, food

. security assessment, and agricultural adaptation in QTP studies, offering a practical reference for time-
series sample construction and transfer in remote sensing classification.
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Figure 1.Cropland classification workflow.
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Figure 2 Sample points. (a) Sample points in the HV and (b) MBYZR and LNR.
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Figure 4Product accuracy assessment results in the HV and MBYZR and LNR. (a) F1-score, (b)
Overall Accuracy (OA), (c) Precision, and (d) Recall.
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Figure 5 Conceptual diagram for identifying cropland change types using a three-year sliding
window. Each pixel is classified into one of four temporal categories based on its cropland status
in three consecutive years: stable cropland (S), abandoned cropland (A), fallow cropland (F), and
reclaimed cropland (R). Green pixels represent cropland (value=1) and orange pixels represent
non-cropland (value=0).
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Figure 6 Annual cropland area and stable cropland ratio from 1989 to 2024. (a) HV and (b) MBYZR
and LNR. Note: data for 2001-2003 in the MBYZR and LNR are missing due to a lack of usable
imagery in 2002.
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Figure 7 Local classification performance and typical misclassification patterns in edge transition
areas.
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